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Mission: To integrate data-driven predictive modeling into
oncology decision making

Vision: Optimal adaptive cancer therapy for each patient

Strategy: - understand clinical needs
- foster synergistic collaborations
- build calibrated and validated predictive models that provide

- dynamic biomarkers of tumor growth dynamics and treatment response and
- actionable triggers for treatment personalization
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Mathematical Models of Cancer: When to Predict Novel
Therapies, and When Not to

Renee Brady' - Heiko Enderling’

Brady & Enderling, Bull. Math. Biol., 2019
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RadOnc Moffitt co-authors:

Eduardo Moros — 15
Jimmy Caudell — 11
Lou Harrison — 10
Sungjune Kim — 5
Michael Yu — 4

Javier Torres Roca — 3
Kujtim Latifi — 3
Anupan Rishi — 2

e one prospective clinical trial (PSI) Peter Johnstone — 2
e 36 publications with 11 different Moffitt RadOnc faculty Daniel Grass — 2

e 3 active grants (4 different Moffitt RadOnc faculty) Steven Rosenberg — 1
e 6 completed grants (5 different Moffitt RadOnc faculty)
e 1 awarded patent

e 3 provisional patents
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Predictive modeling to
personalize radiotherapy
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Proliferation saturation index in an adaptive Bayesian approach to predict

patient-specific radiotherapy responses
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Worldwide first prospective clinical trial to test

MOFFITT mathematics-guided radiation fractionation
Dr. Jimmy Caudell‘
Patient Math-model guided Primary Endpoint
population stratification Interim analysis
total dose: 66 Gy ) | Median age: 64 (range 30-82)
ekbs it b 41 83.7%) and 8 16.3%
TITP;/L?PISI =D D reduction at week 4 men ) and 8 women | )
i PSI = 0.75: 1.2 Gy b.i.d. B Median PSI: 0.95 (range -2.8 — 1.8)
(> 6 hours apart)
total dose: 60 Gy HFx: 38 patients (77.6%)
QD: 11 patients (22.4%)

Volumetric response at 4 weeks: median 42.5% reduction.
30 of 49 (61.2%) patients met the criteria 2 32% reduction in tumor volume by week 4.

DIE) u.s. National Library of Medicine  NCT03656133. Use of a Proliferation Saturation Index
ClinicalTrials.gov to Determine Personalized Radiotherapy for HPV+

Oropharyngeal Cancers (OPC). ESTRO 2023
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Individual patients have tumor-immune ecosystem
composition of Immune escape
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Dr. Javier
Torres-Roca

A GENE EXPRESSION MODEL OF INTRINSIC TUMOR RADIOSENSITIVITY:
PREDICTION OF RESPONSE AND PROGNOSIS AFTER CHEMORADIATION

Stevan A. EscaricH, Pu.D.* Iy Pramana, MDD, Honcrme Zaane, PaD. ¥ Havan Zeao, B.S.*
Davie Bottwarr, M.S..* I-Hviy Ler, Dr.Pi,* Grecory Broow, PiuD.* Cae Rociia-Liva, M.D.F
Scort Keney, MDY Dovcras P, Cacvin, MDY Tivoray ) YEamaan, MD¥
ADriaN C. Buoo, Pu.D.,T anp Javier F. Torres-Roca, M.D.*

————

SYSTEMS BIOLOGY MODELING OF THE RADIATION SENSITIVITY NETWORK:
A BIOMARKER DISCOVERY PLATFORM

Steven EscHrick, Pu.D..* llgxcn.m‘c ZHANG, Pu.D.." [Taryan ZHA0, B.S..f Davio BCULWARE, M.S..}
Ji-Hyun Leg, Dr.Pi.,” GrREGORY BLoom, Pu.D.,™ anp Javier F. Torzes-Roca, M.D."

——

Validation of a Radiosensitivity Molecular Signature in
Breast Cancer
Steven A. Eschrich’, William J. Fulp®, Yudi Pawitan®, John A. Foekens®, Marcel Smid®, John W.M. Martens®,

Michele Echevaria’, Vidya Kamath’, Ji-Hyun Lee®, Eleancr E. Harris®, Jonas Bargh®, and
Javier . Tores-Roca™®

————

A genome-based model for adjusting radiotherapy dose
(GARD): a retrospective, cohort-based study

Jucob G Scott, Anders Berglund, Michae! ) Schell, vaylo Mihaylov, Wilham | Fuip, Binglin Yue, Eric Welsh, Jimmy | Caudell, Kamran Afimed,
Tobin § Strom, Eric Mellon, Puja Venkat, Peter johnstone, John Fozkens, Jae Lee, Eduardo Moros, William S Dalton, Steven A Eschrich,
Howard McLeod, Louis B Harrison, Javier F Torres-Roca

R

Pan-cancer prediction of radiotherapy benefit using
genomic-adjusted radiation dose (GARD): a cohort-based
pooled analysis

Jacob G Scott*, Geoffrey Sedor*, Fatrick Ellsworth, Jessica A Scarborough, Kemrar: A Ahmed, Daniel E Dliver, Steven A Eschrick,
Micheel V/ Kattan®, javier F Torres-Roca™
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Dr. Stephen

Rosenberg
Stereotactic Magnetic Resonance-Guided Adaptive
C'I' scan for electron MR scan [or planning Assessment of ® ° . o
Senalates ke tracking feasibility and Non-Adaptive Radiotherapy on Combination

S MR-Linear Accelerators: Current Practice and Future

Contouring on MR Fusion of CT scan for Daily MR image - 1

scan‘ for t::'gct and dose calculations for registration MﬁgR DlreCtlonS

- . OAR delineation base plan simulation scan
Planning & Set Up ; g John Michael Bryant 1, Joseph Weygand ', Emily Keit 1, Ruben Cruz-Chamorro 7,
| e PTT, Maria L Sandoval 1, Ibrahim M Oraiqat 1, Jacqueline Andreozzi 1, Gage Redler 1, Kujtim Latifi ?,
Contours of daily density and Vladimir Feygelman 1, Stephen A Rosenberg
anatomy ~ segmentation Lo daily
Online Adaptation | | anatomy —— T ———
edapeve pon o il [N Flan QA thrwugh A Practical Workflow for Magnetic Resonance-
lan on anatamy of the I g ar}f i . . . .
e e ) | Guided Stereotactic Body Radiation Therapy to the
Dectermine anatomical Pancreas
tracking parameters Previtew. of;lt‘:ck;ng:
on daily MR it bl Austin J Sim 1, Sarah E Hoffe 2, Kujtim Latifi 2, Russell F Palm 2, Vladimir Feygelman 2,
Susan Leuthold 2, Marsha Dookhoo 2, Maria Dennett 2, Stephen A Rosenberg 2,
T Earribems Welks ervweiih Jessica M Frakes 3
optimized plan and real-

- . 2 £ 10 e
Ireatment Delivery time fracking

Magnetic Resonance-Guided Stereotactic Body
Radiation Therapy/Hypofractionated Radiation

MR-guided stereotactic body radiation therapy for therapy for Metastatic and Primary Central and
intracardiac and pericardial metastases Ultracentral Lung Lesions

Maria L Sandoval 1, Austin J Sim 2, John M Bryant 1, Menal Bhandari ', Evan J Wuthrick 1,
Bradford A Perez 1, Thomas J Dilling 1, Gage Redler 1, Jacqueline Andreozzi 1, Louis Nardella ?,
Vladimir Feygelman 1, Kujtim Latifi 1, Stephen A Rosenberg !

Austin J Sim 1, Russell F Palm 1, Kirby B DeLozier ', Vladimir Feygelman 7, Kujtim Latifi 7,
Gage Redler 7, Iman R Washington 1, Evan J Wuthrick ', Stephen A Rosenberg

L ——— W

e e ————
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Dr. Peter
Johnstone

N~ - Innovations in research and clinical care using
o | patient-generated health data
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Weight
Weight variation
Appetite loss
| Weakness
Pain
Cough

Heather SL Jim 1, Aasha | Hoegland 7, Naomi C 8rownstein 2, Anna Barata 7, Adam P Dicker 2,
Hans Knoop 4, Brian D Gonzalez 7, Randa Perkins ®, Dana Rollison €, Scott M Gilbert 7,
Ronica Nanda 8 2, Ancers Berglund 2, Ross Mitchell 2, Peter A S Johnstone &

T — e ————

Breathlessness
Depression

Patient-reported outcomes regarding radiation
therapy in patients with multiple myeloma

' Fever

Face swelling
Lump under skin
Voice changing

Ronica Nanda 1 2, David Boulware 3, Rachid Baz 4, Diane Portman 3, H Michael Yu !,
Heather Jim 2, Peter A S Johnstone 1 2

 Blood in sputum
110 e ———

!
J

Progression: Progression: Congruence of multiple patient-related outcomes
=2 Docetaxel. =» Nivolumab within a single day

Peter A S Johnstone 7 2, Hailey W Bulls ¥, Jun-Min Zhou 4, Jze K Lee 4, Diane Portmzn *,
Hsiang-Hsuzn Michael Yu €, Heather Jim 3

Objective response
after induction
chemotherapy:

Maintenance

0 — T ———————————5;,

Patient reported outcomes in advanced penile cancer

Irini Youssef 1, Aasha | Hoogland 2, Jad Chahoud 2, Philipoe E Spiess 3, Heather Jim £,
Peter A S Johnstone #

550 e ———
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0.6 4 . ° ° o °
Differential Expression of miRNAs Contributes to
Tumor Aggressiveness and Racial Disparity in Africa
® 06~ a o
: American Men with Prostate Cancer
g - Richard Ottman ', Kavya Ganapathy ', Hui-Yi Lin 2, Carlos Diaz Osterman 2, Julie Dutil 3,
Jaime Matta 2, Gilberto Ruiz-Deya 2, Liang Wang 4, Kosj Yamoah °, Anders Berglund €,
Ratna Chakrabarti 1, Jong Y Park 7
0.24
g T—— Disparities in Survival Qutcomes among
White 262762 168173 112779 78e66 48030 28214 14452 5168 406 0
e L Racial/Ethnic Minorities with Head and Neck
fime e B fnents Squamous Cell Cancer in the United States
B miR-34c5 . EEE%%: Sujith Baliga 7, Vedat O Yildiz ', Jose Bazan ', Joshua D Palmer 1, Sachin R Jhawar 7,
P $::’£§gp 2 i = ot = Dav.id.J Konieczko;vski T, John Gr:cula .1 ; Dukagji: M BIaI‘<:-a.j T Darrion 5Mitchell ]
= e =$::j;15p 5 : :mIR-w:. Christina Henson <, Kenneth Hu @, Kosj Yamoah *, Mauricio E Gamez
r B3 miR-30e © 800 M M [
S 5 4.000- Z £ 000
SE fg:: © 5 1.000 T
< 2 1.000- S 20.500- . . . . g .
§ 5 0.500- # £ 0250° '} él T T The imperative for clinical trial diversity:
S = 0.250- £ 5 0.125° . . _ . ce
&3 e :":5 0.063 PGISpECthES in the context of prostate spec1f1c
%= 0.063- o 0.0317 membrane antigen-targeted imagin
S 2 0.016
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Machine Learning in
Radiation Oncology

Theory and Applications

Issam El Naga
Ruijiang Li
Martin J. Murphy
Editors

~
%1 Springer

Machine and Deep
Learning in Oncology,
Medical Physics and
Radiology

Issam E' Naqa
Martin J. Murphy
Eaitors

Springer

Artiticial intelligence tor outcome modeling

(b) Adaptive Radiotherapy Clinical Decision Support system

1. Patient’s Pre and Mid Treatment
Multi-omics Infermation
2. Current Treatment Plan

o - —
- -

Stage 1

Tratning Set

S e e -

1. Patient's Pre and
: Mid Treatment Multi
,  omics Information
I 2. Retrospective Dose

ARCIIiDS (Learning Made) Stage 2 \
Y Trawnng Set N

- e e .

1. Patient's Pre and
Mid Treatment Multi
omics Information

J_ Plan | S ——— -
Al component 1 Al 2 J ; "I L’
component 2
(T Y (T S \ Al component 1 ___ Label R Al component 2
Artificial | | Optimal 1IFs v h 1{ Treatment ; r . N
Radiotherapy | Decision-Maker Artificial | § Outcomesfor | | Optimal |
| Environment (ARTE) | I (ODM) | Radiotherapy | | .o range of 1IN Decision-
S J_ E e » |htmnronment (ARTE) ' Dose Plans ! l Maker (ODM) |
_____ Output 1__  __ Quiput2 _ _ ol ] o
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Dr. Issam
El Naga

A human-in-the-loop based Bayesian network
approach to improve imbalanced radiation outcomes
prediction for hepatocellular cancer patients with
stereotactic body radiotherapy

YiLuc ', Kyle C Cuneo 2, Theodore S Lawrence 2, Martha M Matuszak <, Laura A Dawson 3
Dipesh Niraula 7, Randall K Ten Haken 2, Issam El Naga

A clinical decision support system for Al-assisted

decision-making in response-adaptive radiotherapy
(ARCILiDS)

Dipesh Niraula ', Wenbo Sun <, Jionghua Jin 2, Ivo D Dinov 4, Kyle Cuneo ¥,
Jamalina Jamaluddin €, Martha M Matuszak ° €, YiLuo 7 Theodore S Lawrence °,
Shruti Jolly ¥, Randall K Ten Haken °, Issam El Naga ’

Artificial Intelligence for Outcome Modeling in

Radiotherapy

Sunan Cui ', Andrew Hope 2, Thomas J Dilling 3, Laura A Dawson 4, Randall Ten Haken °,
Issam El Naga ©




M) lonizing radiation acoustic imaging
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Dr. [brahim
Oraigat

a Irradiation

, beam

Preamplifier array

Matrix array
transducer

Verasomics
system

Real-time, volumetric imaging of radiation dose delivery deep into the liver
during cancer treatment.

Zhang W, Oraiqat |, Litzenberg D, Chang KW, Hadley S, Sunbul NB, Matuszak MM, Tichacek CJ,
Moros EG, Carson PL, Cuneo KC, Wang X, El Naga I.

T — EEE—

A simulation study of ionizing radiation acoustic imaging (iRAl) as a real-time
dosimetric technique for ultra-high dose rate radiotherapy (UHDR-RT).

Ba Sunbul NH, Zhang W, Oraiqgat |, Litzenberg DW, Lam KL, Cuneo K, Moran JM, Carson PL, Wang X,
Clarke SD, Matuszak MM, Pozzi SA, El Naqga I.

e ————————ms——

An ionizing radiation acoustic imaging (iRAl) technique for real-time dosimetric
measurements for FLASH radiotherapy.

Oraigat |, Zhang W, Litzenberg D, Lam K, Ba Sunbul N, Moran J, Cuneo K, Carson P, Wang X, El
Naqga I.

T — L
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) Dr. Eduardo
Moros

Robustness Assessment of Images From a 0.35T
Scanner of an Integrated MRI-Linac:
Characterization of Radiomics Features in Phantom
and Patient Data

Rebecka Ericsson-Szecsenyi 1, Geoffrey Zhang 2, Gage Redler 2, Vladimir Feygelman 2,
Stephen Rosenberg 2, Kujtim Latifi 2, Crister Ceberg 1, Eduardo G Moros 2

Evaluation of an MRI linac magnetic isocenter walkout with gantry rotation in the

presence of angle-specific corrections.
Lotey R, Latifi K, Moras EG, Feygelman V.
Phys Med Biol. 2023 Apr 10;,68(8). doi: 10.1088/1361-6560/acc724.

PMID: 36958055

Triggered kV Imaging During Spine SBRT for Intrafraction Motion Management.
Koo J, Nardella L, Degnan M, Andreozzi J, Yu HM, Penagaricano J, Johnstone PAS, Oliver D, Ahmed

K, Rosenberg SA, Wuthrick E, Diaz R, Feygelman V, Latifi K, Moros EG, Redler G.

pragiE

A Monte Carlo Method for Determining the Response Relationship between Two

Commonly Used Detectors to Indirectly Measure Alpha Particle Radiation
Activity.
Tichacek CJ, Budzevich MM, Wadas TJ, Morse DL, Moros EG.
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Demographics Table

TreatmentCourse Table

RadiationStart RadiationEnd Site

Lname Fname DeathDate
1/1/1900 Doe Jane 1/1/1990
1/2/1901 Doe John 1/2/1990

TotalDose DosePerFraction

1 1/1/1970 2/1/1970 R Breast 5000
2 10/1/1970 10/14/1970 Whole Brain 3000
12346 3 5/1/1980 5/5/1980 LUL SBRT 5000
12346 4 6/1/1981 6/6/1981 RUL SBRT 5400
12346 12/1/1982 12/6/1982 RLL SBRT 4800
amotherapy Table
ChemotherapylID ‘TreatmentCourselD’' Chemotherapy Date
1 1 Adriamycin/Cytoxan 9/1/1969
2 1 Adriamycin/Cytoxan 9/21/1969
3 1 Adriamycin/Cytoxan 10/15/1969
4 1 Adriamycin/Cytoxan 11/7/1969

200
300
1000
1800
1200

Thomas J Dilling
L ——

.
D A sy
VAT UK .)\

Dr. Thomas
Dilling

Artificial Intelligence Research: The Utility and
Design of a Relational Database System
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Acceptance testing setup ‘ Dr. Moros Dr. El Naga
Dr. Oraigat Dr. Latifi

Mobetron Flash Radiation Unit Install e el




MOFFITT

Medical Physics Residency Program ® | Medical Physics PhD Program ® | =

The Radiation Oncology Residency Program at Moffitt Cancer Center is sponsored by the Ph.D. in Applled PhYSiCS With Concentration in Medical PhYSiCS
University of South Florida Office of Graduate Medical Education. Moffitt Cancer Center serves as the The CAMPEP accredited radiation oncology physics residency at Moffitt Cancer |
primary training site end assumes ultimate responsibility for the residency program. The Jemes A Center is a two-year program for individuals with an MS or PhD in medical physics This CAMPEP-accredited degree program is a cooperative effort between the

Haley Veterans' Administration Hospital and the University of Florida Proton Therapy Institute in

. . . . i o i f . i ’\ - .. | -~ f I - i M ~ . Y | ” <
from a CAMPEP accredited graduate program or individuals having completed a University of South Florida’s Department of Physics and the H. Lee Moffitt Cancer
Jacksonville, Florida, serve as participating training insttutions (three months each). The residency

Center and Research Institute’s Departments of Radiation Oncology, Diagnostic

Dr. Jessica Dr. Stephen Dr. Gage Dr. Eduardo
Frakes Rosenberg Redler Moros
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The Integrated Mathematical Oncology Major consists of focused training in mathematical modeling
for cancer biology end clinical oncclogy preblerms. Students wil! also receive interdisciplinary training in
the broader field of cancer bin'agy and immunolegy through coursewnrs and immers .an in the Moffitt
Cancer Center's research endcavers.

T — R

Integrated Program in Cancer and Data -

Science (ICADS) 132

)
.

-

o &

. >

Col'aborative, cutt ng-edge research projects at the forefront of cancer and cata science are central to
the ICADS Pragram. In this training program, fel'ows in cancer biclogy and data science work in unizon
to attack a complex biological or population scale problem, bringing together critical puzzle picces that

drive interdiscip/inary team sciencs.
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Medical Engineering
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Moffitt and USF Students Create a Soltion to Ventilator Shortages Subscrib
3 Stewe Blanchard - November 03. 2027

USFHealth Q =

University of Scuth Florida

LISF Heal-h

Honors
& Awards

USF Medical Engineering Team Wins First
Place In National NIH Competition

September 1, 2021 - 3:10 pm USF Health Honors and Awards

National Institute of

N l H Biomedical Imaging
and Bioengineering




‘ .’ Moffitt Patient Publishes in Neoplasia

In a recent mathematical oncology study led by Moffitt instructor
Dr. Renee Brady-Nicholls, the team developed the first metastatic
M O F FI T T castration-resistant prostate cancer patient-specific mathematical
model to use early prostate-specific antigen treatment response
dynamics to predict subsequent responses to adaptive abiraterone

J e ri F rancoeur acetate, demonstrating the putative value of integrating

mathematical modeling into clinical decision making.
! \ %.J" }
' P |

S - EJuu.alj.n & JJtreach Care I'W'ﬂ "' Fors i
: i [

Robert Butler

Mr. Robert Butler, the Moffitt eenrolled on the clinical study
analyzed in this article and Physical Sciences in Oncology Center
(PSOC) patient advocate, contributed to this study with his patient
experience and co-authored his first research article, published in
the journal Neoplasia in September.

h ‘v-~ (L) MOk FITT

-5 ] n-_ ol remt
- mw
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Congratulations to Mr. Butler and to Moffitt authors Drs. Renee
Brady-Nicholls, Jingsong Zhang, Robert Gatenby, and Heiko

Enderling!
Pictured are Drs. Heiko Enderling, left,
PMID: 34298234 and Robert Gatenby, right, presenting a
framed and signed copy of the article to
Robert Butler.

MoffittPSOC @ N offittPSOC - 19 Oct 2017 v/
Our patient advocate Jeri Francoeur @FrancoeurJeri discusses benefits of
Including patients and patient advocates into research #201/PS0ON

"“,‘,j '}
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FORT - Future of Radiation Therapy

_ouis Harrison

To develop a new model of anatomically and
biologically personalized radiation therapy,
adapted during treatment as triggered by
individual patient and response characteristics,

using novel dynamic biomarkers and principles
of evolutionary oncology.



VIOTTItt as

®
MOFFITT

CANCER CENTER

| Primary
. radiation therapy

Genomics
Radiomics
Mathematics
Physics / Tx Planning
; Al / Machine Learning
¢/ Patient Reported Outcomes '

Liquid biopsies
~Immuno-oncology
~._ Data analytics -~

Statisti

" Volumetrics : 'Mathematics: Genomics

m
- _ ”

'&‘eoﬂo'qi,__,.f“//
M~

Today

R TR 1
\.& 0L SARAAL e e e ——
g - - Dl S =
.. - ——————— .
SRRy U N LA
: W ;| SEnmees aeme——
, - T T ee—
PSI RSI iRIS / TIES
s . A s _om y - "
| AR Y e
B ! s . ';_:”b:' I | & 2
3 L e etk Pm 3
V\ "Fw!ii"’f ' ./.'i s E"ig »
Wy ° ; b '| -'._.-" - :.- :
\\\“ ;f' % . ,é'}-"’.’a:\ { Caa
P VM G T N

~
X -
\ ,,
-’/
o~
’/"
."

Personalized
biologically & anatomically
adaptive radiotherapy

obal Epicenter of precision radiation oncology

Tomorrow
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FORT2.0 - Future of Radiation Therapy

Mission

Dramatically accelerate research and data-driven
radiation oncology practice.

Translate successful research approaches to point of care
using robust, reproducible, and trustworthy procedures.

Impact decision making to improve cancer outcomes.

Strategy

Develop a synergistic basic, translational, and clinical
research portfolio for extramural RO1 funding.

Develop an RO1 portfolio to position Moffitt RadOnc for
competitive SPORE, PO1, U54 program awards.



FORT2.0 - Future of Radiation Therapy
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non-parametric

artificial intelligence / develop
machine learning catalogue appropriate
2 | models avallable data methodologies
C and data deserts for each
Q
S data type
(©
o
B the next
E frontier of builld ensemble harness dramatically
< predictive modeling models that cross- improve outcomes
= : synergize different disciplinary
S in oncology .
C data and models expertise
parametric
mechanistic

mathematical models

longitudinal data per patients
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Phase 1: Biobank
Development

Phase 2: Biobank and
Protocol Support Launch

Phase 3: Protocol Activation
and Grant Support

Phase 4: Maintenance
Phase S: Expansion

Dr. Kosj Yamoah
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: Synergize dru
Anatomically . y & . &
: : : Initiate and discovery with
and biologically Decipher the L.
. . . accelerate radiation
optimized and immunological
. research on research across
personalized consequences . .
~daptive of radiothera proton and the biological
.p : Py FLASH radiation and temporal
radiation <cales

dose and dose
fractionation
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Bring together Identify state of Develop holistic Prospective Data-driven

basic, clinical, the field, current scientific plan investigator- improvements

and population knowledge and for innovative, initiated, in responses

scientists with data, and data-driven clinical data-driven and outcomes
different expertise open questions approaches clinical trials

Select critical
cancers
in Moffitt
catchment area




@ FORT2.0 - Future of Radiation Therapy
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Strategic appointments / hires

* Vice Chair for Research, Radiation Oncology

* Radiation Oncology Data Scientist

* Catalogue existing data sets, curate data for research, identify data deserts
* Report to Radiation Oncology Chair / ACD Research Informatics

* Radiation Biology Faculty
* Translational radiation biology
* Academic particle medical physics (Proton/FLASH)
* Multiscale radiomics -> treatment delivery data science
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Strategic
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uture o erapy

Investments

Research symposium

* Bringin the latest and greatest from Rad Onc for Moffitt to learn
* Scout for prospective graduate students, postdocs, faculty

FORT fellowship

* Support a resident or postdoc to perform strategic research towards our priority missions

Pilot research funding
* Support strategic research towards extramural funding, pilot clinical trials

Radiation oncology research seminar series
* Establish Moffitt RadOnc as research-driven department
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Moffitt Cancer Center

Radiation On(‘oloqv Immunology

lﬁiﬁﬂﬂ“ II@

13 zon _Eduards Morcs Sy Caudsl s Sured Hafls  Shaerd Fllon-Thomas

Cancer Fnldm noloay
\ %

Cl G ase Patar ) o L s \'icP'M i

Gerie  han Sche

HOB B|02

. m‘
Haan !'

Medical Oncology

ﬂ”ﬁﬁ'l‘l!

Bbolmby Heg  Solmaz Sabebjam Chrstne Chung Rebe
Cancer Phys ology

ANE AD ll

deumar Chalappan ConotLych  Jornlcr Binr Sandy Andaresn _oc Brown

MD Anderson
C. Dave Fuller
Abdallah S.R. Mohamed

Cleveland Clinic
Jacob Scott

Braunschweig University
Juan Carlos Lopez Alfonso

Acknowledgements

Patents

U.S. Patent 10/301,793:
Radiotherapy targeted to promote a systemic
abscopal effect

U.S. Patent 62/900,003:
Modeling variability in radiosensitivity and tumor
Immune contexture to personalize radiotherapy

(provisional)

U.S. Patent 62/944,804:
Methods for prostate cancer intermittent adaptive
therapy (provisional)

U.S. Patent 63/010,327:
Forecasting Individual Patient Response to
Radiotherapy with a Dynamic Carrying Capacity
Model (provisional)

U.S. Patent 62/040,579:
Predicting glioma treatment response (provisional)

U.S. Patent 63/176,039:
Time or tidal volume splitting ventilator and methods
of use (provisional)

U.S. Patent 63/279,994:
Bayesian Framework to Augment Tumor Board
Decision Making (provisional)
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